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ABSTRACT
Purpose: This study examines the time market data and execute trades within
transformative role  of  Artificial milliseconds, capitalizing on fleeting

Intelligence (Al) in the financial services
industry, particularly in the FinTech sector.
By exploring Al applications such as
personalized banking, fraud detection,
credit scoring, and algorithmic trading, the

paper analyzes how Al enhances
operational efficiency and customer
experience.

Material and Methods:  Using case

studies from leading financial institutions,
the paper highlights both opportunities and
ethical concerns, such as data privacy and
algorithmic bias.

Findings: The study found that Al
enhances detection by analyzing vast
datasets to spot suspicious patterns and
anomalies that human auditors may miss,
improving compliance and reducing
financial crime risks. Al streamlines loan
underwriting processes by evaluating a
broader range of data, such as payment
history and social media behavior,
providing more accurate risk assessments.
The study also revealed that algorithmic
trading uses Al to automate and optimize
trades at speeds and scales impossible for
human traders. Al systems analyze real-
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opportunities in the stock market. By
incorporating machine learning, these
systems can adapt and improve over time,
becoming more effective in predicting
market trends and managing risk.

Implications to Theory, Practice and
Policy: It expands the understanding of
how Al can reshape financial interactions,
enhancing personalization, fraud detection,
and credit assessment. From a practical
standpoint, it  highlights  real-world
applications, such as robo-advisors and
algorithmic trading, offering insights into
how institutions can implement Al
responsibly. On a policy level, the study
underscores the importance of regulatory
frameworks addressing data privacy,
algorithmic fairness, and transparency,
advocating for collaboration between
regulators and financial institutions to
ensure ethical Al deployment.

Keywords: Artificial Intelligence,
FinTech, Fraud Detection, Credit Scoring,
Algorithmic Trading, Financial Innovation.
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INTRODUCTION

The financial services sector is undergoing a significant change owing to Al and ML in its
operations. These are not just refinements of the existing technologies but are revolutionizing
the way financial institutions deal with customers and manage the organization. In the field of
personalized banking, fraud detection, credit scoring, investment management Al’s capability
to analyze large volume of data accurately and promptly is coming with tremendous changes.
Incorporation of Al in FinTech has ensured there is enhancement of complex algorithms that
help in the forecasting of markets, the perfect portfolio, and the delivery of personal financial
advice.

For instance, Al application in financial services is boosting personalization while at the same
time reducing the time taken to deliver services. The use of Al in chatbots and virtual assistants
means that customers are always attended to at their own convenience, thus improving their
experience. Sophisticated technologies in fraud detection use artificial intelligence to detect
fraud in the process and protect the institutions and consumers. In addition, credit scoring
techniques that are based on Al are offering improved credit risk assessments based on sources
of data not normally used in credit scoring and thus, financial inclusion.

However, the use of Al also brings several issues such as privacy, fairness and bias in Al
models, and compliance issues. Banks and other financial institutions need to overcome these
challenges within the framework of Al beneficial use and ethical and transparent application.
With the advancement of Al in the future, the role and contribution to FinTech innovation will
increase tremendously thus enhancing the changes in the financial services industry. This essay
investigates how the use of artificial intelligence in the financial sector has affected the future
of financial services focusing on how machine learning is changing the face of financial
interactions.

Understanding Artificial Intelligence and Machine Learning in Financial Services

Artificial Intelligence can be described as a large category of technologies that are created with
the aim of accomplishing tasks that would otherwise need human intelligence to be done.
Machine learning, which is a part of Al entails training a computer program to learn from the
data to facilitate the performance of a particular task through experience. Al and ML are used
in the financial services industry to improve decision making, increase efficiency, customer
relations, and security (Davenport & Ronanki, 2018).

In FS, Al is used from simple clerical jobs to more sophisticated predictive analysis depending
on the level of risk involved. For example, in machine learning, past data can be used to identify
future trends of markets or customer’s behaviors. This capability enables financial institutions
to make wiser decisions, better manage risks and design better selling strategies. Furthermore,
the contemporary Al applications can analyze large datasets in shorter time and provide results
that a human will not be able to obtain in a lifetime.

The use of Al in financial services brings critical challenges, particularly around data privacy,
fairness, and algorithmic bias. Al systems often rely on vast amounts of customer data, raising
concerns about how securely this data is stored and processed. The General Data Protection
Regulation (GDPR) in the EU and the California Consumer Privacy Act (CCPA) in the U.S.
provide frameworks for ensuring customer data privacy and transparency, but compliance
remains complex.

Fairness and bias in Al models are pressing issues. Machine learning algorithms are as fair as
the data used to train them. If biased historical data is fed into an Al system, it could reinforce
societal biases such as racial or gender-based discrimination when making decisions like credit
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scoring or loan approvals. One example is how Al-based credit scoring systems might
unintentionally give lower scores to certain demographic groups. Addressing such biases
requires robust training, regular audits, and clear transparency guidelines.

Algorithmic accountability is another ethical concern, particularly when Al systems are
involved in making decisions that affect consumers' financial well-being. The need for
transparency becomes crucial: financial institutions should clearly explain how their Al
systems work and allow consumers to contest decisions. Ethical Al frameworks, such as those
proposed by the Al Now Institute or Deloitte’s Responsible AI Principles, suggest
comprehensive approaches for tackling these issues, emphasizing transparency, fairness, and
human oversight.

Lastly, regulatory compliance is a significant hurdle. Financial institutions must ensure their
Al models meet strict regulations like anti-discrimination laws, while balancing innovation
with ethical use. Close collaboration with regulatory bodies is essential for setting clear
standards, as seen in partnerships between institutions and bodies like the World Economic
Forum's Global Al Governance Initiative. By proactively addressing these ethical and
regulatory challenges, financial institutions can use Al to drive innovation while minimizing
risk and ensuring fairness.

The Evolution of Al in Financial Services
Historical Context

AT’s application in the delivery of financial services is not something that has begun now. It
appeared at the end of the 20th century as a type of pure, or naked, access and has evolved over
time because of advancements in computing and data processing. Some of the earliest examples
of application of BAl are in credit scoring and the detection of fraud,; at that time, these systems
relied on basic statistical measures. The early systems of artificial intelligence as compared to
the current ones were not as complex and hence required a lot of interactions with human
beings.

But in the last decade we have identified new advancements in the Al technologies which
makes the technologies more independent and compound. For instance, deep learning methods
of Al have been an addition to the traditional Al for better accuracy and performance of the Al
models. This has assisted the financial institutions to develop other improved uses such as real
time credit card fraud detection and personal financial planning. From a KPMG report (2019),
there has been more than 60% advancement in the usage of artificial intelligence in the financial
sector over the last five years, thus underlining the significance of these innovations.

Modern Al in FinTech

Nowadays, applications of Al can be seen in almost all spheres of financial services. In contrast,
contemporary Al technologies are based on huge amounts of data and efficient algorithms to
produce enhanced insights and forecasts. This evolution has led to the creation of newer and
more efficient financial products and services altering the way consumers engage financial
services. For example, robo-advisor services that use artificial intelligence in their operations
control over $1 trillion in assets today, proving that artificial intelligence is already
revolutionizing the investment management industry (Accenture, 2020).
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Figure 1: Modern Finance Technology

Thus, apart from affecting robo-advisors, Al is used in other aspects such as improving
customer services through use of chatbots and virtual assistants. Such systems that are
integrated with artificial intelligence are capable of responding to many simple and complex
questions concerning customer accounts and transactions and are available all time to help
customers in making transactions, hence improving their satisfaction. In a survey conducted in
2021 by Gartner, it showed that by 2025, 85% of customer relations will be handled by the Al
chatbots, a glimpse of what Al brings in customer service.

Expanded Al Use in Financial Services

In addition to robo-advisors and Al-powered customer service, Al is revolutionizing other
critical aspects of financial services, such as anti-money laundering (AML), loan underwriting,
and algorithmic trading. In AML, Al enhances detection by analyzing vast datasets to spot
suspicious patterns and anomalies that human auditors may miss, improving compliance and
reducing financial crime risks. Similarly, Al streamlines loan underwriting processes by
evaluating a broader range of data, such as payment history and social media behavior,
providing more accurate risk assessments.

Moreover, algorithmic trading uses Al to automate and optimize trades at speeds and scales
impossible for human traders. Al systems analyze real-time market data and execute trades
within milliseconds, capitalizing on fleeting opportunities in the stock market. By
incorporating machine learning, these systems can adapt and improve over time, becoming
more effective in predicting market trends and managing risk.

Financial institutions leveraging these technologies see significant improvements in efficiency,
risk management, and customer satisfaction. For example, JP Morgan Chase’s COiN platform
processes complex legal documents rapidly, while Wells Fargo’s Al chatbots enhance
customer service. In the loan underwriting space, ZestFinance uses Al to expand credit access
by evaluating non-traditional data points, opening doors for individuals previously overlooked
by conventional credit systems.
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These innovations, though beneficial, also require institutions to be vigilant about regulatory
compliance and ethical challenges, ensuring that Al usage remains transparent, fair, and secure.
While Al offers substantial benefits to financial services, it also poses several challenges and

risks. Data privacy is a significant concern, as Al systems require vast amounts of personal
information, which can be vulnerable to breaches. Additionally, algorithmic bias may result in
unfair outcomes, such as discriminatory lending practices or unequal access to financial
services. The lack of transparency in Al decision-making further complicates accountability,
leading to potential trust issues. Finally, regulatory compliance becomes a challenge as Al
evolves faster than the current legal frameworks, raising ethical and legal concerns.

The Impact of Al on Financial Interactions
Personalized Banking Experience

Another important area that can be noted as the effect of Al implementation in banking is the
individual approach. Customers’ information is processed by artificial intelligent systems to
offer financial solutions, products and services, and individualized messaging. Customer
support is available round the clock through the use of chatbots as well as virtual assistants that
employ natural language processing (NLP) (Fuster et al. 2018).

For instance, Al can work on a customer’s expenditure pattern, income, and financial targets
to do with saving or investment. Such a level of personalization was not possible before with
the traditional banking systems. McKinsey & Company notes that; the use of Al for
personalized services can boost customer satisfaction by as much as 15% while the churn rate
can be reduced by 10%. Moreover, customized services can help to increase the sales of
financial products since the customer is more likely to buy products that meet his needs.

Al also applies to targeting and acquiring customers for a brand or a company. Through the
use of Al, financial institutions can be able to establish highly valued customers and thereby
market to them individually. The former can help to achieve a much higher ROI on advertising
and much higher customer acquisition rates. For instance, Accenture (2020) revealed that Al
enhanced marketing strategies may increase conversion by a half than the traditional marketing
techniques.

Enhanced Fraud Detection and Prevention

Al and ML are useful in the detection of fraud. These technologies identify trends in the
transaction data to identify fraud and other suspicious activity in real-time. This is because the
machine learning models learn from new fraud strategies in the market hence are more effective
than rule-based systems. Such a strategy assists the financial institutions in reducing the risks
for the customers and shielding them (Abraham & Mahmood, 2021).

For instance, transaction patterns may be analyzed using Al models to find features that suggest
that a certain transaction, for instance a large withdrawal or a transaction from a foreign country
by a customer who rarely travels is fraudulent. These models can raise alerts of possibly
fraudulent transactions for further review and thus prevent fraud. A study by Juniper Research
(2021) revealed the Al fraud detection systems will save banking and financial institutions
more than $12 billion every year by 2025.
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Flgure 2: Enhanced Fraud Detection and Prevention

Aside from transaction monitoring, Al is also applied in the improvement of identity
verification. Al systems can also help to identify the customers using biometric data such as
faces and fingerprints. It can be effectively used to stop identity thefts and account takeovers,
which are well-known types of frauds in the field of finance. According to a Deloitte survey
conducted in 2020, applying artificial intelligence to identity verification can help cut fraud by
50%, which proves the systems’ reliability for boosting security.

Credit Scoring and Risk Management

Al-based credit scoring models are more effective at evaluating an individual’s credit
worthiness as they use more relevant data such as social media activity and payment history.
They minimize the prejudice common in conventional credit scoring models and therefore offer
a more diverse credit scoring system for the lenders. Furthermore, Al in risk management
through the analysis of the market and risks associated with the portfolio, financial institutions
can make the right decision (KPMG, 2019).

Historical credit data-based credit scoring models, which are commonly used, are not very
effective when it comes to clients with a short credit history or no credit history at all. Whereas
traditional credit scoring models only consider FICO scores, Al can then look at other data sets
such as utility bills, rent history, social media history, etc. Such an approach can help to increase
credit access for people with limited opportunities dramatically. A report by ZestFinance shows
that machine learning credit scoring can improve approval rates to loans by as much as 30%
without worsening the default rates.

It is also used in risk management within financial institutions. Using the data collected in the
markets, machine learning models can make sense of this data and make some predictions on
the risks that may come up. This capability helps the financial institutions to make better
decisions and come up with much better risk management measures. For instance, Al can be
applied for identifying when the market is likely to turn bearish and act accordingly, to
minimize the losses. In a PwC analysis conducted in 2021, it was revealed that Al-based risk
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management solutions have the capability of raising the accuracy of risk predictions by as much
as 40 percent, which underlines its potential to boost financial resilience.

Algorithmic Trading and Investment Management

Electronic trading based on algorithms with assistance from artificial intelligence has brought
impressive changes in the financial markets. Al processes large amounts of data in the market
and makes trades at much higher rates and accurately than a human trader. In investment
management, Al is used in the identification of the best portfolio combination as well as the
evaluation of risks, thus giving better advice to the clients (Davenport & Ronanki, 2018).

Automated trading employs Al in analyzing large chunks of market information to make trades
in accordance with a specific plan. These algorithms can respond to developing market
conditions in a millisecond time span, which is more than a human trader’s capability. Such a
speed and precision are possible to increase the probability of profitable trades and decrease
the risks. Bloomberg (2020) said that algorithmic trading is now responsible for more than 60%
of trading activity in the major financial markets, proving its relevance.

o \
Figure 3: Algorithmic Trading and Investment Management using Al

Besides trading, others are also being applied in the improvement of investment management.
Roaming advisors can be artificial intelligence based and this means that a particular client’s
financial profile and investment objectives can be assessed to determine the right investment
plans to recommend. These robo-advisors can also be used to automatically manage portfolios
and rebalance them whenever necessary depending on the prevailing market status hence can
be more personalized. According to Business Insider Intelligence (2020), Al robo-advisor
assets are expected to rise beyond $2 trillion by 2023, proving the influence of Al in investment.

Al enhances credit assessments by analyzing non-traditional data sources like social media,
utility bill payments, and even online behavior. This approach enables financial institutions to
assess individuals who lack formal credit histories, such as young people or those in emerging
markets. Al can evaluate factors like spending habits, social connections, and employment
patterns, which provide a more comprehensive view of financial stability. By using these
alternative data points, Al models can create more accurate and inclusive credit assessments,
reducing bias in traditional credit scoring methods.
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Case Studies: Al in Action
JPMorgan Chase's COIN Platform

At JPMorgan Chase, COIN is a contract information-processing system that uses machine
learning to analyze and draw out significant features from legal documents. This Al system
can analyze documents in seconds, and the task which would have required the efforts of legal
teams for thousands of hours. The COIN platform shows how Al can improve bank operation
effectiveness in the context of JPMorgan Chase (2017).

COIN is employed to process legal documents and interpret them with the assistance of NLP
to identify the contents of the contract, and compliance standards. This automation cuts down
the time needed and the effort in the review of documents enabling legal teams to do more.
Based on this, JPMorgan Chase (2017) has noted that the application of COIN has helped cut
document review time by more than 360,000 hours every year, which gives an indication of
the gains inherent in the use of Al.
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Besides, the time, COIN also results in increased accuracy and reduction of the variability of
document reviews. The conventional approaches to reviews involve manual handling of such
data, meaning that errors are bound to occur, which is inconceivable as it will lead to increased
costs. McKinsey & Company, when conducting a study in 2020 established that, the use of Al
in document review systems can increase the accuracy by up to 90% implying the reliability of
the use of Al in this particular application.

Wells Fargo's Al Chatbot

Wells Fargo adopted an Al based chatbot to help customers to answer frequently asked
questions about banking services. This chatbot is based on the natural language processing
algorithm to handle the customers’ requests and assist them immediately while the live agents
deal with more complicated inquiries. The chatbot has a capability of learning from the
interactions implying that the more the interactions, the higher the chances of the chatbot to be
more accurate and enhance user satisfaction (Wells Fargo, 2019).

https://doi.org/10.47672/ajce.2423 42 Muhammad et al. (2024)


http://www.ajpojournals.org/

AJP&
American Journal of Computing and Engineering

ISSN 2790-5586 (Online)
Vol.7, Issue 4, pp 35 — 49, 2024 WWWw.ajpojournals.org

Figure 5: Wells Fargo's Al Chatbot

The Al chatbot offers a broad range of services that will cover almost all the questions of
customers, for example, questions about the balance, or problems with the transactions. It
allows the customers to be attended to immediately, thus increasing their satisfaction as well
as reducing their waiting time. Wells Fargo (2019) also indicates that the Al chatbot has served
over 20 million customers’ queries after it was deployed showing its efficiency in enhancing
customer relations.

It is also capable of answering general questions and offering financial advice to the clients.
Based on the customer’s spending pattern and financial objectives, the chatbot should be able
to provide financial advice on spending, saving and even investing. Such advice assists the
customers to arrive at the right decisions concerning their financial needs and goals. Forrester’s
(2020) research revealed that customers who were served with advice from Al chatbots were
more satisfied with the services offered than those who received general advice since they
expressed 20% more satisfaction.

ZestFinance's Al Credit Scoring

ZestFinance uses Al to improve credit scoring by incorporating non-conventional metrics such
as utility payments and online activities. This allows credit extension to populations
traditionally underserved, such as young individuals or immigrants. Al-driven models have
increased loan approval by 40% without significantly raising default rates (ZestFinance, 2020).
Moreover, these models enhance efficiency and fairness in credit scoring by addressing biases
found in conventional models. According to a Brookings Institution study (2019), Al-based
credit scoring reduces racial and gender biases by 25%, promoting financial inclusion.

Credit History

Transaction Data
Al Based

Credit Score Credit Use

Factors Influencing
Credit Score

Figure 6: ZestFinance's Al Credit Scoring
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The Challenges and Ethical Considerations of Al in FinTech
Data Privacy and Security

Al systems require extensive data for accurate predictions, raising concerns about data privacy
and security. Financial institutions must ensure that customer data is encrypted and securely
stored. The average cost of a data breach in the financial sector is approximately $5 million,
highlighting the importance of robust cybersecurity measures (IBM, 2021). Compliance with
regulations like GDPR and CCPA is crucial to building customer trust, with 72% of consumers
favoring institutions with strong data protection policies (PwC, 2020).

Algorithmic Bias and Fairness

Al models can perpetuate biases present in their training data, leading to unfair outcomes.
Financial institutions must regularly test Al models for bias using fairness metrics and bias
detection tools. Diversifying training datasets and incorporating ethical Al frameworks are key
strategies for mitigating bias. For example, the Al Now Institute (2019) reported that only 15%
of financial institutions have regular protocols for assessing algorithmic bias, underscoring the
need for stronger oversight. Successful bias mitigation practices include transparent decision-
making and allowing customers to contest Al-driven outcomes.

Regulatory and Compliance Issues

The regulatory landscape for Al in financial services remains complex and often outdated, with
evolving legal frameworks struggling to keep up with rapid Al advancements. Financial
institutions must navigate strict data protection laws, such as the GDPR, while also ensuring
Al-driven decisions comply with anti-discrimination and fairness guidelines. Collaboration
between financial institutions and regulators is crucial for developing Al governance standards.
For example, the World Economic Forum’s Global AI Governance Initiative facilitates cross-
industry and regulatory collaboration, ensuring that Al technologies adhere to ethical standards
and promote transparency. Deloitte (2020) identified regulatory compliance as a barrier for
62% of financial institutions, underlining the importance of a cohesive regulatory framework
to foster innovation while safeguarding consumer rights.

Human Oversight and Accountability

Despite Al's capabilities, human oversight remains critical to ensure accountability in
automated decision-making processes. Financial institutions should implement mechanisms
where human experts review Al-driven decisions, especially those affecting consumers’
financial stability, such as loan approvals and fraud detection. This ensures that potential errors
or biases in Al models are identified and corrected. A successful example is HSBC, which uses
Al for credit decisions but includes human oversight in final loan approvals, creating a balance
between automation and accountability.

The Future of Al in Financial Services
Continued Innovation and Integration

There is a bright future of Al in financial services and its further evolution and implementation
in the various fields. Other forms of learning like deep learning, reinforcement learning, and
usage of quantum computers will improve the efficiency of Al systems. It has been forecasted
that these technologies will be adopted more in financial institutions to deliver more complex
and customized solutions (Davenport & Ronanki, 2018).

A major field of development is deep learning, which is based on training neural networks with
big data to make predictions. Deep learning is already used in areas like fraud detection and
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investment management and there are predictions that the developments of this technology will
go on improving it. In a report from McKinsey & Company (2021), deep learning techniques
have the capability of increasing the accuracy of detecting fraud by a margin of up to 25%,
thereby increasing security.

Machine learning is an important field that has vast possibilities in the near future including
reinforcement learning which is trained to make decisions in a manner that it is rewarded for
the outcomes. It is as a result possible to apply this technology to enhance trading strategies
and investment portfolios, thus coming up with better and dynamic solutions. Business Insider
Intelligence (2021) stated that the reinforcement learning techniques can enhance investment
returns by as much as 30% and thus confirming the capacity of the application to
revolutionalize investment management.

Other major developments that are likely to shape the future of Al in financial services include
quantum computing where the general principles of quantum mechanics are applied to
computational processes. Quantum computing has the potential of improving the speed and
efficiency of Al algorithms, and thus, improving the analysis and decision making. In a report
by Accenture (2020), quantum computing has the potential to slash the time it takes to train Al
models by as much as 90%, pointing to a possibility of boosting Al advancement.

The Role of Collaboration

The growth of Al in financial services will depend on cooperation between banks and fintech
startups as well as financial and IT regulators. This way, the stakeholders can set up policies
and procedures that would assure the correct utilization of Al technologies. Moreover,
cooperation with FinTech startups contributes to the enhancement of the competitive
environment and the utilization of artificial intelligence (KPMG, 2019).

Synergy between the financial institutions and technology firms can help in the innovation
process due to the complementarities between the two industries. Thus, there are synergies for
financial institutions to obtain technical know-how from technology companies as well as for
the latter to gain industry knowledge and access to customer base. The same research conducted
by Deloitte in 2020 revealed that 68% of financial institutions understand that cooperation with
technology providers is a must in terms of Al development (Sarioguz and Miser, 2024).

Industry regulators also have a significant say in how the future of Al in financial services will
look like. As many financial institutions and technology companies are now utilizing Al, the
regulators can set up the rules and requirements for the ethical use of this technology. This can
assist in clearing up some of the ambiguous issues on the application of Al in financial services.
A report by the World Economic Forum (2021) found that 74% of the financial institutions
identified collaboration to be imperative in realizing the success of Al in the industry,
illustrating the role of collaboration in achieving regulatory solutions.

FinTech startups can also become partners in developing new solutions and increasing the
usage of artificial intelligence. Al is used in FinTech startups because the companies
themselves are leaders in the creation of new services that can be implemented in financial
systems. Thus, financial institutions can obtain new technologies and advance the Al
implementation with the help of cooperation with these startups. Accenture (2020) has revealed
that the financial institutions partnering with FinTech startups are 2 times. Existing data show
that the companies using the services of Al vendors are 5 times more likely to achieve effective
implementation of these technologies, which speaks of the benefits of cooperation.
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Ethical Al Development

The future of Al will most probably encompass higher consideration of how Al is being
developed ethically. It is recommended that the lenders and other financial organizations
should be particular with the aspects of transparency, responsibility and relevance while
deploying the Al. These are the main issues that have been identified Some of them are the
lack of ethical guidelines when creating Al and the lack of responsibility culture since it will
be one of the cornerstones to ensure that all the stakeholders benefit from the Al (Fuster et al.,
2018).

To this, it is imperative to state that the concept of transparency must be understood as part of
the ethical framework of the creation of Al Lenders’ decision-making procedures and Al
models must be clear to customers; they have to provide the possibility of a reconsideration of
the models’ decisions. The former can help in enlightening the customers on how Al is being
deployed, helping in fostering an ethical use of Al. This is underlined by the Forrester survey
(2020) according to which 78% of the consumers expected financial institutions to be more
specific on the usage of Al in decision making — this shows the need to be more transparent
about the use of Al.

Another aspect of ethical Al development is the concept of the fairness. Banks and other
financial organizations need to be extremely cautious about the biases that their created models
can bring in their decision-making, and the Al models must be capable of delivering justice to
each customer. This includes ensuring Al models are adequately checked for bias and training
of model and algorithms for fairness and implementing fair policies and processes. The Al
Now Institute reported in its (2019) that only 15% of financial firms have some standard ways
to identify algorithmic bias, which underlines a critical area of concern.

Expanding on Transparency with Explainable Al (XAl):

To implement transparency in practice, financial institutions can leverage Explainable Al
(XAl) tools. These tools are designed to help customers understand how Al models arrive at
decisions, such as loan approvals or credit scoring. XAl provides insights into the decision-
making process by breaking down complex Al algorithms into simpler, understandable
components. For example, a bank might use XAl to explain why a particular customer was
denied a loan by revealing key factors—Ilike payment history or income—used by the model.
This enhances trust and allows customers to challenge potentially biased or incorrect outcomes.
Furthermore, XAl also helps institutions adhere to regulatory requirements, such as those
mandated by the General Data Protection Regulation (GDPR), which requires transparency in
automated decision-making.

Successful implementations of XAl include Google’s What-If Tool, which enables users to
explore different scenarios and understand the impact of changing data inputs, and LIME
(Local Interpretable Model-agnostic Explanations), which simplifies the outputs of Al models
to explain individual predictions. These tools provide both financial institutions and customers
with a more transparent and accountable Al system.

Implications of the Study

This study contributes significantly to theory, practice, and policy in the financial services
sector. Theoretically, it expands the understanding of how Al can reshape financial
interactions, enhancing personalization, fraud detection, and credit assessment. From a
practical standpoint, it highlights real-world applications, such as robo-advisors and
algorithmic trading, offering insights into how institutions can implement Al responsibly. On
a policy level, the study underscores the importance of regulatory frameworks addressing data
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privacy, algorithmic fairness, and transparency, advocating for collaboration between
regulators and financial institutions to ensure ethical Al deployment.
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